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Uncertainties

f(X)>y,whereXeR", yeR
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Evaluation Tools 5%

simplification / just use the mean
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Evaluation Tools 5%

stacking PDFs
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Evaluation Tools 5%

stacking PDFs
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Proper Evaluation Tools / CRPS b

continuous ranked probability score
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Proper Evaluation Tools / PIT 5%

probability integral transform
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Results

single Gaussian ¢ =0.01

—_— 4_ \ ]
3 g
L
= J
o
g
e
2
= 4
£
0
w —
4 5
true redshift (z)
o)
&L £ L yc;P 470 ’yboo
summed probability density
PIT CRPS = 0.3118
> T > T
v U
c c
(] 4]
3 3
o o
o g
P o
2 2 (
[+ m §
ol [ |Inm..m.ﬁ
0.0 0.5 1.0 0.0 0.5 =>1.0

June 29, 2017 EWASS 2017 | S14 - Astroinformatics | Uncertain Photometric Redshifts | Kai Polsterer

estimated redshift (z)

single Gaussian ¢ =0.2

5
0 | 1 1
0 1 2 3 4 5
true redshift (z)
o
e
summed probability density
PIT CRPS = 0.2711
9 1 o ;
c ml c
Q 7]
=3 3
o o
L e
o o
£ il ’L
] 'l ]
@ HH—‘ H’VHH E) I -
0.0 0.5 1.0 0.0 05 =>1.0

% HITS

single Gaussian adaptive o

41 _
= i
=
K -
S _
g
e
T
2
= ]
£
0
w -
4 5
true redshift (z)
o
£ & e
summed probability density
PIT CRPS = 0.2313
> T > T
U o
c c
Q r (]
3 3
o o
g e
: H { | : H
g LI 3
1] [+ I
o ‘H ‘ ol [T——
0.0 0.5 1.0 0.0 05 =>1.0
15/25



Multi-Modalities $

128 nearest neighbors inspected
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Results <

Nearest Neighbors Random Forest Mixture Density Network
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Forward Selection 5%

apply greedy forward selection
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Lessons Learned b
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Deep Convolutional
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Healpix / HIPS / [VOA
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Tools B
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‘ 230 if _ name == main
231 surveyAddress = : 0 ; 1 e ; "
232 surveyAddress = "alasky.u-s 0 50 100 150
233
234 coordinate = [350.86,  -55.225]
235 size-=-[200,200]
236 resolution = 8.082
237
238 myHiP5fs = HiPSfs(surveyAddress)
239
240 image = myHiPSfs.extractCoordinate(coordinate, size, resolution, nested=True)
241
242 pyplot. figure()
243 pyplot.imshow((image), -aspect='auto’, interpolation="nearest”)

244 pyplot.gca().invert yaxis()
245 pyplot.show()
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Conclusion 7
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